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Weibo Comment Sentiment Analysis Based on
Deep Learning
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Abstract: Deep learning has improved accuracy and other metrics in short text senti— ment analysis, but often
suffers from poor model robustness and generalization ability due to small data volumes, leading to the illusion of
good performance on training data. To address this issue, a method for short text sentiment analysis based on the
Word2vec pre—trained model from Tsinghua University’ s Chinese news corpus and the BiLSTM— MHA model is
proposed. First, the Word2vec pre—trained model is used to transform text information into feature vectors, then
BiLLSTM is utilized to extract features, and the multi—head attention mechanism is employed to enhance key features.
Finally, the weighted information is passed into the softmax classifier for sentiment classification. The model
achieves an accuracy of 85.97% on 120, 000 Weibo comments, indicating its ability to maintain high accuracy
when processing large amounts of text data.

Key words: Tsinghua University Chinese News Corpus Word2vec pre—trained model; Bidirectional Long Short—

Term Memory network; Text Sentiment Analysis; Multi-Head Attention mechanism; NLP
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